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Abstract
Purpose – This study aims to investigate some individual factors that may positively/negatively impact upon
the willingness to use AI-assisted hiring procedures (AI-WtU). Specifically, the authors contribute to the
ongoing discussion by testing the specific role of individuals’ personality traits and their attitude toward
technology acceptance.

Design/methodology/approach – Data have been collected from a cohort of workers (n = 157) to explore
their individual level of AI-WtU, their personality traits and level of technology acceptance, along with a series
of control variables including age, gender, education, employment status, knowledge and previous experience
of AI-assisted hiring.

Findings – The results obtained show the significant role played by a specific personality trait –
conscientiousness – and technology acceptance in shaping the level of AI-WtU. Importantly, technology
acceptance also mediates the relationship between AI-WtU and conscientiousness, thus suggesting that
conscientious people may be more willing to engage in AI-assisted practices, as they see technologies as
means of improving reliability and efficiency. Further, the study also shows that previous experience with AI-
assisted hiring in the role of job applicants has a negative effect on AI-WtU, suggesting a prevailing negative
experience with such tools, and the consequent urge for their improvement.

Originality/value – This study, to the best of the authors’ knowledge, is the first to test the potential role of
personality traits in shaping employees AI-WtU and to provide a comprehensive understanding of the issue by
additionally testing the joint effect of technology acceptance, age, gender, education, employment status and
knowledge and previous experience of AI-assisted hiring in shaping individual AI-WtU.

Keywords Artificial intelligence, Recruitment, Personality, Technology acceptance, Hiring

Paper type Research paper

Introduction
In the past decade, technological innovations and their applications to recruitment systems have
seen considerable growth. Indeed, in many big companies AI-assisted applications – ranging
from resumes screening to automated video-interviews – are consistently being implemented as
an aid to the recruitment process. These phenomena have favored the rise of the so-called e-
HRM, namely, “a way of implementing HR strategies, policies, and practices in organizations
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through a conscious and directed support of and/or with the full use of web-technology-based
channels” (Ruël et al., 2004, pp. 365–366). Nonetheless, the implementation of AI in hiring
practices is still in its infancy; hence, a better understanding of the opportunities and challenges
represented by e-HRM is both necessary and desirable.

Furthermore, the “digital revolution”, with the introduction of AI in HR practices, brings
about a more general societal change that inevitably affects employees, shaping their experiences
even before formally joining the organization, especially in the case of technology-based hiring
practices.

In this study, we contribute to the discussion by investigating the specific role that
technology acceptance and personality traits have in determining the level of acceptance of
AI integration in hiring practices. To this aim, data have been collected from a cohort of
workers to explore their individual level of willingness to use AI-mediated hiring
procedures, along with their general level of technology acceptance, and their personality
traits. The results obtained point at the role played by both technology acceptance and a
specific personality trait –conscientiousness – in shaping the level of willingness to use AI-
mediated practices. Importantly, technology acceptance also mediates the relationship
between AI and the personality trait “conscientiousness”, thus suggesting that conscientious
people may be better inclined toward technology in general, and this, in turn, may increase
their willingness to use AI-assisted practices, possibly because they see technologies as
means of improving reliability and efficiency of HRMpractices.

Literature review
AI advances are moving tremendously fast, promising to reshape the face of many
businesses. Such remarkable changes are urging organizations across the globe to take
immediate advantage of these technologies in processes traditionally carried out by humans.
The COVID-19 pandemic has dramatically contributed to the progressive introduction of
Web-technology-assisted recruiting channels; indeed, during the pandemic, 86% out of 334
interviewed HR leaders were using virtual interviews to hire candidates, and believe that this
may become a standard (Gartner, 2020).

The reason for such predictions lies in the evidence showing that the use of algorithms
and AI solutions in hiring procedures can increase recruitment efficiency by cutting costs and
reducing time spent in candidates’ screening, further allowing companies to reach a broader
talent pool, as indicated in the Global Recruiting Trends 2018 LinkedIn report (Spar et al.,
2018). Further, for international companies, it aids standardization of HR practices (Parry
and Tyson, 2011; Ruël et al., 2004). Additionally, Howardson and Behrend (2014) suggest
that those organizations that use AI for recruiting purposes may even leverage such
innovativeness in their hiring approach to improve their image and attract better candidates.

Another important element fostering the implementation of AI-assisted hiring is evidence
showing that such technologies may also support D&I practices (Florentine, 2016; Jora et al.,
2022), by providing more consistent evaluations (Kuncel et al., 2014) and by getting rid of
the traditional biases (i.e. gender, race etc.) that often affect human-based hiring decisions
(Avery et al., 2023; Houser, 2019; Hu, 2023; Polli, 2019; Walkowiak, 2023). Nonetheless,
despite the common assumption of AI algorithms being impartial and fair, many researchers
are skeptic, urging caution in their use, as they may end up replicating the exact same biases
that affect humans (Barocas and Selbst, 2016) or even amplifying them (Ajunwa, 2020). On
the bright side, many efforts are being placed to identify existing gaps and, more importantly,
to establish best practices for the design, development and deployment of reliable AI-assisted
practices (Hunkenschroer and Luetge, 2022; Kelan, 2023; Shams et al., 2023).
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Individual perceptions of artificial intelligence-mediated hiring practices
When considering the adoption of AI practices, people’s perception is a key element.
Traditionally, people tend not to trust automated, AI-assisted decision systems (Glikson and
Woolley, 2020) for many reasons: firstly, people feel that AI-assisted tools are less transparent
and fair as compared to traditional human-to-human interactions, possibly because of scarce
familiarity with such tools (Johnson and Verdicchio, 2017; Mirowska and Mesnet, 2022).
Indeed, Blacksmith et al. (2016) in their metanalysis show that technology in employees
recruitment is associated with overall negative evaluations due to less control over managing the
impression given to recruiters; lack of ongoing feedback; and difficulties in communication.
Nonetheless, a more recent study has reported that applicants overall perceived AI-mediated
hiring as useful and easy to use, and highlighted the reduced response times as the major
advantage of such technology, despite also recognizing a series of drawbacks, such as low
accuracy, low reliability and an immature technology (Horodyski, 2023a). Taken together, the
studies conducted so far tend to show a negative perception of AI-assisted hiring procedures on
the part of applicants, also affecting hiring-related organizational outcomes; for example, it has
been shown that people are less willing to apply for a job position when they know that their
data will be reviewed by an AI evaluator (Mirowska and Mesnet, 2022; Wesche and
Sonderegger, 2021). Hence, recognizing the factors that can shape positive or negative
evaluations of AI-assisted recruiting appears particularly relevant to understand if and to what
extent these practices can be implemented to substitute human intervention.

Therefore, previous literature has tried to disentangle the possible variables that may
contribute to shaping applicants’ perception of AI-mediated hiring practices. For example,
Köchling et al. (2023) found negative affective reactions to AI-assisted recruitment when
they took place in the final stages of selection, but not for earlier stages. Interestingly, some
studies have highlighted how candidates’ individual characteristics may play a role in AI
acceptance; indeed, Zhang and Yencha (2022) found that women are less favorable than
men, and that people with higher income and education appear overall more positive toward
hiring algorithms. Also race seems to play a role: Bedemariam and Wessel (2023) found that
black applicants tend to have more negative general justice perception in the AI-assisted
procedures. Finally, Wiechmann and Ryan (2003) found an effect of candidates’ evaluations
exerted by technical computer experience and computer anxiety. Along the same lines,
Gonzalez et al. (2022) found that candidates’ evaluations crucially depend on the level of
familiarity with AI.

Theoretical framework: HEXACO personality model
Personality traits can be described as a set of psychological features that arise from biological
and environmental factors that give rise to cognitive, emotional and behavioral patterns (Corr
and Matthews, 2009). Hence, personality represents a set of features which appear to be
relatively stable over one’s lifetime, and which determine, to a considerable extent, our way
of thinking, feeling and behaving. Importantly, personality features can greatly vary among
an otherwise homogeneous population (Roberts et al., 2007) and can have broad-ranging
consequences for many domains of life, e.g. health-related behaviors (Bogg and Roberts,
2004), leadership and motivational preferences (Calluso and Devetag, 2024), stress and work
satisfaction (Petasis and Economides, 2020).

More importantly for the current investigation, previous studies have shown that
personality traits – using the five factor model of personality (FFM; Goldberg, 1992) as a
theoretical framework – have an impact on technology adoption. For example, openness to
experience is positively associated with the use of collaborative technologies (Devaraj et al.,
2008), increases team decision-making by means of computer-assisted communications
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(Colquitt et al., 2002), and increases willingness to use the metaverse for socializing
(Sowmya et al., 2023). Neuroticism appears to be positively correlated with an increased use
of mobile instant messaging (Ehrenberg et al., 2008); however, it appears to negatively
impact upon social network use (Sriyabhand and John, 2014); along similar lines, Barnett
et al. (2015) found that neuroticism is also negatively associated with perceived and actual
use of Web-based classroom devices. Agreeableness has been reported to be negatively
associated with instant messaging use (Ehrenberg et al., 2008), positively associated with
use of social networking (Sriyabhand and John, 2014) and with willingness to use the
metaverse for socializing (Sowmya et al., 2023). Extraversion is also positively associated
with both instant messaging use (Ehrenberg et al., 2008) and social networking behavior
(Sriyabhand and John, 2014), as well as on the willingness to use metaverse technologies
(Sowmya et al., 2023). Finally, conscientiousness has been reported to be negatively
associated with social networking behavior (Sriyabhand and John, 2014) and positively
associated with perceived and actual use of Web-based classroom technological systems
(Barnett et al., 2015).

Overall, the evidence revised above points toward the relevance of personality traits in
shaping individual openness to (and willingness to use) technologies. Nonetheless, to the
best of our knowledge, no studies have explored the possible role exerted by personality
traits in shaping reactions to AI-assisted hiring. Here, we seek to fill this gap in the extant
literature by investigating the role of personality traits. We based our investigation on the
HEXCO model of personality (Ashton et al., 2004, 2006). This model represents an
important update of the original FFM, resulting from lexical studies originally conducted
only in English which allowed to identify five dimensions of personality (i.e. openness to
experience, conscientiousness, neuroticism, agreeableness and extraversion); when studies
were conducted also in other languages, a sixth factor – honesty-humility – was identified,
along with slight changes in the facets of neuroticism, which was consequently replaced by
the factor emotionality. Hence, here we decided to use the revised version of the original
model, as it is considered more generalizable to all languages, and extensively used in
personality research (Ashton and Lee, 2007, 2008).

Along with personality traits, in the current study we also investigate the possible effects
of technology acceptance in shaping individual willingness to use AI-mediated recruitment
practices. According to previous research, technology acceptance can be further decomposed
into two dimensions, namely, attitude-acceptance and behavior-acceptance. While the first is
referred to an affective dimension, entailing motivation and emotion, the second describes
actual behavior (Arning and Ziefle, 2007). The behavior-acceptance component has been
extensively studied from multiple perspectives, leading to the formulation of several models
of technology use; the most widely used model is probably the Technology Acceptance
Model (TAM; Davis, 1989), together with its later development and extension, namely, the
Unified Theory of Acceptance and Use of Technology (UTAUT; Venkatesh et al., 2003).
These models explain the use of technology by means of acceptance of technology, which in
turn is determined by variables that consider the perceived performance and easiness of use
of technologies, and in the case of the UTAUT also social norms and facilitating conditions.
Hence, these models neglect the possible influences determined by dispositional and
psychological characteristics – such as personality (Neyer et al., 2012), while, on the other
hand, alternative approaches in technology research have already included personality and
psychological considerations (Arning and Ziefle, 2007), hence focusing on the dispositional
elements that contribute to the attitude-acceptance component. Therefore, because our
theoretical framework is rooted in the psychology of personality, in this work we refrained
from using such models (i.e. TAN, UTAT), and we focus on the analysis of the dispositional
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and psychological features that can shape individual willingness to use AI in hiring practices.
To this aim, here we use an integrative model of technology commitment that includes
personality traits (Neyer et al., 2012, 2016). In particular, here we choose to focus on one
particular dimension of the model, namely technology acceptance, intended as an attitudinal
characteristic that reflects the subjective evaluation of technological progress, which
accounts for the personal connection to modern technologies (rather than the assessment of
their importance for society), hence, primarily manifesting itself in personal interest in
technical innovations (Neyer et al., 2012). We choose to focus on the dimension that in our
view is the most correlated with personality traits, and also the most relevant for the
willingness to use AI technologies in the context of hiring procedures, as compared to the
other two subscales of technology competence and technology control beliefs. Furthermore,
we also test the three-way relationship between AI-WtU, technology acceptance and
personality traits, under the hypothesis that technology acceptance may represent the
mediator of the relationship between personality traits and AI-WtU.

Finally, we also included in our model a series of additional control variables, i.e. age,
gender, education, employment status, previous experience/knowledge of AI-assisted hiring
practices – to provide a more comprehensive understanding of the joint role of these features
in shaping willingness to use AI-assisted hiring (AI-WtU).

Figure 1 displays the conceptual model adopted in the current study. Nonetheless, we
refrained from formulating specific predictions with respect to the direction of the effects of
personality traits on technology acceptance and AI-WtU. Indeed, as reported above, previous
research has reported conflicting results on the influence exerted by various personality
traits; furthermore, most studies exploring personality effects on technology use were
developed using the FFM as a theoretical framework. For these reasons, we remain agnostic
on the direction of these effects, if any are detected. On the contrary, with respect to the effect
of technology acceptance on AI-WtU, in line with previous work (Balcioğlu and Artar, 2024;
Chakraborty et al., 2023; Horodyski, 2023a, 2023b; Islam et al., 2024), we predict a positive
effect of technology acceptance on AI-WtU.

Figure 1. Conceptual model
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Methods
Participants
A total of 157 participants took part in the study (90F, 66M; 1 non-binary; mean age:
33,03 ± 13,19 s.d.; mean years of education: 16,0 ± 2,42 s.d.), after providing informed
consent in accordance with the 1964 Declaration of Helsinki and the APA ethical standards
in the treatment of human sample. Participants were informed of their right to discontinue
participation at any time. Participants were recruited through various channels including
social media (i.e. LinkedIn, Facebook and Instagram), as well as direct/indirect contact. The
questionnaire, formulated in both Italian and English, was generated and administered online
via Qualtrics. Data were collected between May and July 2022, asking participants to fill the
online questionnaire, anonymously and voluntarily. The overall description of the sample is
summarized in Table 1.

Table 1. Demographic description of the sample

Participants’ characteristics N %

Gender
F 90 58
M 66 41
NB 1 1

Language
Italian 148 94
English 9 6

Job
Employed full-time 68 43
Intern/trainee 45 28
Employed part-time 22 14
Looking for employment 15 9
Currently unemployed (not looking for employment) 8 5

Industry
Consultancy 51 32
Clerical 23 15
Health 14 9
Finance 11 7
Research 9 6
Education 7 4
Marketing 7 4
Public service 5 3
Entertainment 3 2
Other 5 3
None (unemployed) 23 15

Experience with AI recruitment
No 104 66
Yes 54 34

Awareness of AI recruitment
Yes 89 56
No 69 44

Source:Authors’ own production
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Procedure and questionnaires
All the survey’s questions required to express the responders’ level of agreement on a five-
point Likert Scale from 1 (strongly disagree) to 5 (strongly agree). First, participants were
asked whether they had ever applied to a job position and participated in a recruitment
procedure taking place with the aid of AI (i.e. AI experience), and whether they were aware of
the application of AI to the recruitment process (i.e. AI awareness). Then, a general definition
of the employment of AI in HR practices, and in recruitment and selection, was deliberately
included to provide a concise description of this practice for participants declaring no or poor
awareness of such tools. In particular, the definition provided highlighted the main uses and
the main benefits in terms of efficiency, security, transparency and timesaving.

In the following section, participants were asked a series of questions aimed at collecting
their individual opinions and judgments related to the employment of AI in the recruitment
process reflecting their willingness to use (i.e. AI-WtU). This scale was developed in Italian
and translated into English for the specific purpose of the current study. The scale includes 6
items to specifically investigate the perceived usefulness and transparency of AI-mediated
practices, as well as their willingness to take part in various hiring procedures using AI-based
tools (e.g. recoded interviews, chatbots etc.). The reliability of the scale appeared appropriate
(α = 0.79).

In the next section, a technology acceptance scale was administered; in particular, the
subscale technology acceptance of the Technology Commitment Questionnaire was used
(Neyer et al., 2016). As mentioned in the Theoretical Framework section, we decided to
focus on this specific subscale because it represents an attitudinal measure that reflects the
subjective evaluation of technological progress, accounting for the personal connection to
modern technologies. Because no validated translation of the scale exists in Italian, nor in
English, the scale has been translated in-house. Despite this issue, the scale appeared to be
reliable (α = 0.72).

Finally, the Italian and English validated versions of the brief HEXACO personality
model (24-item) was administered (De Vries, 2013), to measure six major dimensions of
personality: honesty-humility: people who score high in this scale avoid using others for their
own benefit, feel minimal temptation to disobey the rules, are uninterested in extravagant
expensive and luxury items, and do not have any special entitlement to high social standing;
emotionality: high scores in this scale indicate stress in response to life's pressures, fear of
physical danger, desire for help and support from others, empathy and sentimental bonds
with others; extraversion: high extraversion scores are associated with good self-esteem,
self-assurance while speaking or leading groups of people, enjoyment of social interactions
and positive sentiments of enthusiasm and energy; agreeableness: agreeable people are
tolerant in their judgment of others, prepared to compromise and work with others and have
good self-control, they also easily forgive wrongs they have experienced; conscientiousness:
conscientious people plan their time and their physical environment, work systematically
toward their objectives, aim for precision and perfection in their duties and think things
through thoroughly before acting; openness to experience: high scores in this trait indicate
people enthralled by the beauty of art and nature, curious in a wide range of topics, free with
their creativity in daily life and drawn to unique ideas or people.

As a final step, participants were asked some demographic questions such as age, gender,
education and employment status.

Statistical testing
To measure each variable of interest, questionnaires were scored and z-transformed prior to
statistical testing.
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First, we investigated the variables that may impact upon AI willingness to use (AI-WtU).
To this aim a multiple linear regression was computed using the AI-WtU score as dependent
variable, while regressors included the technology acceptance, AI awareness, AI experience,
the six personality traits, along with the control variables age, gender, years of education and
employment status.

Second, we run an additional analysis to inspect whether technology acceptance was in
turn influenced by individual personality traits; hence, a multiple regression was computed
using technology acceptance as dependent variable and the six personality traits as regressors,
along with the control variables age, gender, years of education and employment status.

Finally, we investigated whether there exists a three-level relationship between the
variables of interest, more specifically: whether personality traits may play a mediator role in
the relationship between the individual AI-WtU and their general level of technology
acceptance. In these analyses, we focused our attention on one specific personality trait,
namely, conscientiousness, as it was the only one showing a significant impact on both AI-
WtU and technology acceptance (see Results section for further details). Thus, a mediations’
analysis was conducted using the package PROCESS (Hayes, 2015; Hayes and Preacher,
2014) for SPSS (IBM SPSS, 2021). In particular, AI-WtU was used as dependent variable,
technology acceptance was used as independent variable, while conscientiousness trait was
used as mediator. Further, participants’ age, gender, years of education, employment status,
AI awareness and AI experience were included as covariates.

Results
Means and standard deviations of the raw scores collected across all the scales and subscales
of the survey are displayed in Table 2.

Results of the regressions
The results of the regression analysis conducted using the AI-WtU as dependent variable are
summarized in Table 3.

The results highlighted that the effect of technology acceptance was statistically significant
(β = 0.430, t = 6.019, p < 0.001), hence indicating that higher technology acceptance brings about
higher AI-WtU in the hiring process. We also found a specific personality trait, to exert a

Table 2. Descriptive statistics –minimum and maximum value, average and standard deviation of all
the variables of interest

Variables Min. Max. Average SD

Age 18.00 64.00 33.03 13.19
Education 13.00 21.00 16.06 2.42
AI-WtU 6.00 26.00 15.35 4.47
Technology acceptance 4.00 16.00 9.56 2.72
Honesty-Humility 4.00 15.00 8.95 2.23
Emotionality 6.00 20.00 12.13 2.74
Extraversion 4.00 15.00 8.29 2.24
Agreeableness 6.00 19.00 12.61 2.60
Conscientiousness 4.00 15.00 8.80 2.32
Openness to experience 4.00 15.00 9.00 2.58

Source:Authors’ own production
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significant effect on AI-WtU, namely, conscientiousness (β = 0.186, t = 2.654, p < 0.001),
indicating that more conscientious people have higher acceptance for the use of AI tools in the
recruitment process. Further, previous experience with AI recruiting tools was also found to yield
a marginally significant effect (β = −0.292, t = −1.961, p = 0.052), thus indicating that people that
already experienced AI tools applications in recruiting had a lower acceptance of AI; this result
may be due to previous negative experiences with the AI-assisted hiring process. Finally, we
found the employment status to have a marginally negative effect of AI-WtU (β = −0.096, t =
−1.950, p = 0.053); this effect indicates that people employed full- or part-time showed a higher
acceptance of AI compared to people looking for a job, interns/trainees or unemployed people.

A second multiple regression was computed to investigate whether technology
acceptance was also influenced by personality traits and other control variables. The results
of this analysis are summarized in Table 4.

Table 3. Results of the regression analysis conducted using AI-WtU as dependent variable

Effects β SE t

Technology acceptance 0.430 0.071 6.019***
AI experience −0.292 0.149 −1.961ɫ

†

AI awareness 0.112 0.140 0.804
Honesty-Humility −0.012 0.068 −0.174
Emotionality −0.046 0.074 −0.624
Extraversion −0.080 0.070 −1.137
Agreeableness 0.064 0.073 0.882
Conscientiousness 0.186 0.070 2.654***
Openness to experience −0.125 0.069 −1.820
Gender 0.063 0.143 0.443
Age 0.003 0.006 0.501
Years of education −0.004 0.029 −0.132
Employment status −0.096 0.049 −1.950

†

Notes: ***p < 0.001;

†

p < 0.1
Source:Authors’ own production

Table 4. Results of the regression analysis conducted using technology acceptance as dependent
variable

Effects β SE t

Honesty-Humility −0.136 0.079 −1.729

†

Emotionality 0.030 0.085 0.351
Extraversion 0.104 0.081 1.273
Agreeableness 0.131 0.084 1.555
Conscientiousness 0.210 0.080 2.637***
Openness to experience −0.010 0.080 −0.131
Gender −0.052 0.164 −0.318
Age 0.013 0.007 1.870

†

Years of education −0.041 0.033 −1.228
Employment status −0.014 0.056 −0.256

Notes: ***p < 0.001; p < 0.1
Source:Authors’ own production

International
Journal of

Organizational
Analysis



The results indicated that also for technology acceptance the personality trait that exerted
a positive significant impact was conscientiousness (β = 0.210, t = 2.637, p < 0.001), hence
suggesting that conscientious people are characterized by a higher technology acceptance. A
marginally significant effect was found for honesty-humility (β = −0.136, t = 1.729, p =
0.086), indicating that people scoring high in this trait are more reluctant toward the use of
technology. Finally, age was also found to have a marginal impact (β = 0.186, t = 1.870, p =
0.063), which counterintuitively suggests that older people are characterized by higher
technology acceptance compared to younger ones.

Mediation results
Based on the results of the regression analyses, we tested whether more complex
relationships between the variables of interest exist, and more specifically, we focused on the
personality trait “conscientiousness” – which was found significantly associated with both
AI-WtU and technology acceptance. Thus, we tested whether Technology acceptance
exerted a mediation effect in the relationship between conscientiousness and AI-WtU.

Hence, a mediation analysis with AI-WtU as dependent variable, conscientiousness as
independent variable, and technology acceptance as mediator was computed, while AI
experience, AI awareness, age, gender, years of education, and employment status were
included as covariates. The results are summarized in Table 5. The model was overall
significant (R = 0.611, R2 = 0.373, F8,148 = 11.020, p < 0.001); specifically, the direct effect of
conscientiousness was significant (β = 0.176, t = 2.616, p < 0.01, LLCI = 0.043, ULCI =
0.310), along with the direct effect of technology acceptance (β = 0.427, t = 6.090, p < 0.001,
LLCI = 0.288, ULCI = 0.565).

Regarding the covariates, the effect of AI experience (β = −0.298, t = −1.998, p < 0.05,
LLCI = −0.593, ULCI = −0.003) and employment status (β = −0.102, t = −2.079, p < 0.05,
LLCI = −0.198, ULCI = −0.005) were found significant, replicating the results observed in
the regression analysis.

More importantly, the results of the indirect effects (i.e. mediated by conscientiousness)
of technology acceptance on AI-WtU indicated that it was indeed significant (β = 0.091,
LLCI = 0.020, ULCI = 0.163) (Figure 2).

Table 5. Results of the moderation analysis conducted using AI-WtU as dependent variable,
conscientiousness as independent variable technology acceptance as moderator

Effects β SE t LLCI ULCI

Direct effects
Conscientiousness 0.18 0.07 2.62** 0.04 0.31
Technology acceptance 0.43 0.07 6.09*** 0.29 0.56
AI experience −0.30 0.15 −2.00* −0.59 0.00
AI awareness 0.08 0.14 0.55 −0.20 0.35
Gender 0.05 0.13 0.38 −0.21 0.31
Age 0.00 0.01 0.66 −0.01 0.02
Years of education 0.00 0.03 0.04 −0.06 0.06
Employment status −0.10 0.05 −2.08* −0.20 −0.01

Indirect effect
Technology acceptance 0.09 0.04 – 0.02 0.16

Notes: ***p < 0.001; **p < 0.01; *p < 0.05
Source:Authors’ own production
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Discussion
The main aim of this study was to investigate the individual determinants of acceptance
of AI-assisted recruitment processes. To this aim we focused on the HEXACO model of
personality; secondly, we also investigated the possible effect of individuals’ level of technology
acceptance, namely people’s general inclination and attitude toward the use of technologies in
their everyday life.

The results of the analysis show a statistically significant effect of the personality trait
“conscientiousness”, indicating that people high in this trait are better inclined toward the
integration of AI tools in hiring. A possible explanation is that conscientious people are
characterized by self-discipline, sense of duty and aim for achievement; they also tend to
take tasks and people seriously and hence display planned behavior to ensure the proper
realization of their objectives. Hence, people with these characteristics may find the
integration of AI into recruiting as a source of reliability, accuracy and absence of judgment
biases, thus showing better acceptance.

Regarding technology acceptance, it was indeed a predictor of the AI-WtU in
recruitment, hence, people that are generally more willing to integrate technologies in their
everyday life are also better inclined toward their application to the hiring process. This
appears also in line with a previous study showing that favorable reactions toward an AI-
assisted approach in hiring generally depended on participants’ familiarity levels with AI
(Gonzalez et al., 2022). Additionally, we found that previous experiences with AI-
mediated recruitment exerted a marginally but negative impact upon its acceptance, hence
suggesting that those who already have undergone such procedures may have had a
negative experience of the process. Nonetheless, the quantitative nature of the study
prevented us from investigating the ways in which respondents’ experience with AI-
assisted hiring has not been optimal. Nevertheless, some considerations are possible based
on the current state of the art regarding AI implementation in recruitment: AI is still a novel
element in most organizations, and gold standard rules for its application are still missing.
Furthermore, only a few technologically advanced companies use it extensively. Thus,

Figure 2. Graphical representation of the mediation model run using AI-WtU as dependent variable,
technology acceptance and independent variable and conscientiousness as moderator
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complexities may still exist in the optimal use of such resources, as well as in the
exploitation of their full potential.

Finally, this analysis also shows a marginal effect of employment status; specifically,
people looking for employment, trainees/intern, or unemployed show lower AI-WtU in
recruiting. This result can be understood considering that these people, as compared to part-
time or full-time employed, are more likely to actually face such recruitment process; hence,
they may have more concerns about the actual impact of these procedures on their current
ability to find employment. Conversely, our analysis shows no effect of either gender or
education on the level of acceptance of AI-assisted hiring, in contrast with previous literature
showing more negative evaluations from females, and more positive evaluations from
more educated people (Zhang and Yencha, 2022). The absence of an effect of gender on the
willingness to use AI-assisted hiring is somewhat surprising, as one would expect that more
discriminated people (i.e. females) would show more positive evaluations of AI-assisted
recruiting. Nonetheless, the lack of this effect may be due to the overall still high level of
skepticism associated with the use of AI algorithms in HR practices.

In a second step, we conducted an additional regression analysis to verify whether personality
traits may exert an impact upon the more general construct of technology acceptance.
Understanding this impact has relevance given the pivotal role that technology acceptance has on
AI-WtU. The results reveal that, as in the case of AI-WtU, conscientiousness has a positive
significant influence on technology acceptance, thus suggesting that people scoring high in this
trait may find in technology an aid for efficiency, accuracy and reliability. Additionally, we also
found a marginally negative effect of the honestly-humility trait, in line with previous studies
showing that honesty-humility is negatively associated with the technology acceptance model
(Sindermann et al., 2020; Weger et al., 2022). A possible interpretation of these findings is that
people high in honesty-humility may see technology as unnecessary symbols of luxury and
wealth, hence, given their tendency to refrain from pursuing wealth and social status goals, they
may develop a negative opinion on the massive use of technologies in sectors – such as hiring –
traditionally dominated by human-to-human interactions.

Finally, in the case of technology acceptance, we also found a marginally significant
effect of age, indicating that older people are surprisingly better inclined toward the use of
technology. However, it is important to note that despite the age range of this study being
wide, most of participants were 20 to 35 years old, and this may have impacted upon the
results.

Finally, based on the results of the regression analyses we aimed at further exploring the
relationship between AI-WtU, technology acceptance and conscientiousness, as this latter was
found to significantly impact upon both AI-WtU and Technology acceptance. Hence, we
hypothesized that technology acceptance may exert a mediation role between AI-WtU and
conscientiousness. The results indeed confirm our prediction, showing that besides having a
direct impact on AI-WtU, conscientiousness had also an indirect impact mediated by
technology acceptance. Given the features of conscientious people, they perceive AI tools as
means of guaranteeing a trustworthy selection process, thus finding them more appealing
as opposed to people with different personality traits. These findings are in line with a previous
study reporting positive correlations between conscientiousness and perceived usefulness and
intention to use technology (Sindermann et al., 2020). Furthermore, conscientiousness was
found to positively predict both perceived (i.e. self-reported) and actual use of technologies, as
conscientious individuals tend to set goals and engage in behaviors, such as technology use,
that help them succeed (Barnett et al., 2015). Along the same lines, conscientiousness has
been linked with motivation to learn (Major et al., 2006) and willingness to participate in
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development training (Simmering et al., 2003), hence suggesting that conscientious people are
willing to engage with tools that can help them improve and reach their goals.

Implications
From a theoretical standpoint, the study contributes to highlight the usefulness of alternative
models for interpreting individuals’ willingness to engage in technologies. Indeed, most
existing studies in the broader field of technology acceptance relies on models that focus
specifically on the behavior-acceptance of technologies (e.g. TAM, UTAUT, etc.) often
neglecting the affective component of attitude-acceptance, which is more strongly rooted
in personality and psychological characteristics. The results of the current investigation
contribute to highlight the relevance of these features to understand the possible ways in
which individuals shape their perception and representation of technology and its impact
in our daily life.

Overall, the results reported in this study highlight the importance of considering
individual personality traits in the adoption and integration of technologies, and specifically
artificial intelligence in the recruitment process. More specifically, we found that
conscientiousness appears to be a good predictor of the AI-WtU, directly as well as by the
indirect effect of technology acceptance. This result, in line with previous literature, suggests
that AI and tech tools for hiring should be designed and improved with the aim of, first and
foremost, optimizing efficiency and reliability of hiring procedures. Furthermore, investing
on efficiency and reliability of AI may help mitigate the negative evaluation of such
technologies from people expressing ethical concerns about the use of AI in general and, in
particular, from individuals scoring high in honesty-humility, which decreases their AI-WtU;
thus, leveraging efficiency and reliability of AI may help reframing the conception of techs
from symbols of luxury to useful and reliable tools for HR practices. Introducing the use of
reliable AI technology in hiring is particularly relevant in the current business scenario also
in light of the ever-increasing importance of guaranteeing diversity and inclusion; indeed, AI
may bring about the advantage of ensuring a much fairer hiring process, free from the
widespread biases often reported in the empirical literature on hiring (see Lippens et al.,
2022 for a review).

Another important point to highlight is related to the importance of investing resources in
technological and AI-literacy; indeed, the general construct of technology acceptance plays a
key role for the successful integration of AI in hiring practices, especially considering how
this sector is traditionally based on human-to-human interactions.

Finally, it is worth mentioning that the results of this study suggest how previous
experience with AI in recruitment in the role of job applicants represents a negative predictor
of AI-WtU, hence highlighting how those that already experienced AI in hiring were not
fully satisfied with its use. Hence, despite the marginal effect, this result points toward the
importance to invest in the comprehension of the motives of such dissatisfaction with the aim
of improving AI tools and adequately training the HR experts who will use it, thus allowing
to take advantage of all the possible benefits of AI while avoiding or minimizing the potential
risks (HR Research Institute, 2019). In conclusion, it appears particularly important to
consider the impact that technology integration in HR practices may have on employees,
with particular attention to the possible – even unintended – negative consequences.

Limitations and future research
This study has some limitations. First, we acknowledge that in the current research we have
limited our focus only to the personality dimensions that may impact upon the willingness to
use AI-mediate hiring; also with respect to the construct of technology acceptance, the
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current investigation only focuses on the attitude-acceptance of technologies, which is the
element of the construct that is shaped by affective reactions to technology, and as such it is
mostly impacted by personality and psychological characteristics of potential applicants. In
doing so, this study neglected additional variables that may play an important impact on
perceptions of AI-assisted recruitment practices. For example, Sowmya et al. (2024)
highlighted the influential role played by privacy and security concerns in enhancing
consumers’ intention to adopt matrimonial apps; similarly, privacy and security concern may
indeed represent key variables also in determining individuals’ willingness to use AI-
mediated technologies in hiring; hence, future research should systematically investigate the
possible impact of these variables. Furthermore, future research should also focus on how to
improve AI systems reliability and accuracy, in line with the findings by Horodyski (2023a)
who reported that lack of nuance typical of human judgment, low accuracy and reliability,
and immature technology represented the major drawbacks identified by applicants with
respect to AI in recruitment (Horodyski, 2023a). More generally, our study focused on the
determinants of individuals’ attitude toward AI; however, borrowing Chater and
Lowenstein's (2022) distinction between I-frame and S-frame, we believe ours and others’
I-frame perspective should be complemented by urgent S-frame reflections on the
consequences, both positive and negative, of AI-assisted organizational practices at the
societal level before AI is massively introduced in organizational settings.

A second limitation of the current study is represented by the reliance on self-reported
data which may introduce a potential for bias. Indeed, future research should focus on
replicating and expanding these findings my means of additional research methods. For
example, the use of in-depth interviews may be of aid to understand the reasons behind the
negative perception of applicants that have already faced AI-assisted hiring practices, to
identify the crucial aspects that lead to negative experiences. Furthermore, lab and field
experiments may help in understanding the factors at play in the context of simulated hiring
practices. For example, the HEXACO personality framework may be applied also in the
context of lab or field experiments involving the analysis of job openings disclosing (or not)
the use of AI-mediated tools in the selection procedure to understand how personality traits
impact on the evaluation process and on the willingness to use AI.

A final limitation of the study resides in its sample size. Indeed, despite it being in line
with the sample size of many other comparable studies, the cohort may not be adequate to
represent the diverse range of individuals in the workforce. Hence, future studies should
engage a broader number of participants trying to investigate additional differences across
them, as for example, cultural differences.
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